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Method de £ nl avg

s
ng ;E % mBERT based methods:
mBERT (Wu and Dredze, 20197 69.56 7496 77.57 7357
ﬂxﬂ" AdvCE (Keung et al., 2019) 7190 743 7760 7460
CONLL!‘ ]:Eﬁ TSL (Wo et al.., 2020¢) 7316 7675 8044 75.78
UniTrans (W et al., 2020b) 7482 7931 8290 7901

° 4*[|] E— . EiE(En)\ %ig(])e)\ EPHH:'EE(ES) TOF (Zhang et al.. 2021) 76.57 80.35 82.79 79.90

AdvPicker (Chen et al., 2021y  75.01 79.00 8290 7897

. RIKD (Liang etal., 2021) 7548 77.84 8246 7859
*[l (Nl) MTMT (Li et al., 2022) 76.80 SL82 8341 80.67
CoLaDa (ours) 7730 5043 85.09 80.94

XIM-R based methods:

WikiAnni'—ﬁHEE
. 4FDES: WIE(En). IHOEAr). EIBEH) e, 0 oo e e

ConNER (Zhou et al., 2022) 77.14 BD5S0 B323 B02D

*I] ;2 i‘E‘(Zh) CoLaDa (ours) 81.12 870 85.15 85299
¢ iqz "JAI ;E *’1_‘ : F 1 w E :{;::::bmed methaods: - - .

BERT-align (Wu and Dredee. 2020) 4230 67.60 5290 54.26

Allll

e = 'gﬁft% TSL (Wu et al., 2020c) 4312 69.54 4812 53.59
* =D RIKD (Liang et al.. 2021) 4596 7028 5040 55.55
N — . . W—— MTMT (Li et al., 2022) 5277 7076 5236 58.59
oy o 7 } = EE UniTranst (Wu et al., 2020k) 4200 68.76 S6.08 5591
— WikiAnn L3R5, IRBAEXERRIESZE
CoLaDu {ours) 5426 7242 6077 62.48
LE — K D == B’] 3 B B :
— DD E XILM-R based methods:
Ejtﬂqln I:lI:IJ! *’-.FHL[I?KFD J|o LﬁE’ EE)]I -:
XLMR (Conneauetal, 2020) 5084 7217 3923 54.08
ConNER (Zhou et al., 2022) 5962 7449 1917 5776
CaoLaDa (ours) 66.94 76.69 60.08 67.90
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Original English: ** " Duchy of Aquitaine[Loc] " ' = William V[PER] { 995-1030 ) Inaccurate translation
Original Translation: *** & & 4> FHwoc] " - ELEE 7t rer) (995) Translate "Duchy of Aquitaine”

. e it : into “EFA4EB" (Duke of Ain)
Translate-train: = B Boc) " - ELER T ttHrer) (995) incorrectly.
Ours: ** " ZEARIPER] " - BUAR A HHPER] (995)
Original English: There have been many tenants, including The Sunday Times[orG] " and The Daily News[OrRG] ".| Inaccurate alignment boundary
Original Translation: HFZF#EF,, BF ( 2EFHMEOR ) F { SEFHEoRG] ) . The 5\"”;"-'“!:;;3 nd :tarﬁ' I

; WL corner brackets used to enclose

Ours: AFEZHEF, 815 ( 2EHMRore ) 0 { SEHFEoRs] ) . ather works.
Original English: It is found in Democratic Republic of Congo[0OrG] , Kenya[Loc] , Tanzania[LOC] .... Label noise in English data
Original Translation: ERF NI ER T4 #Eors), T NoC), BRERBTL0C... Wrong entity type in original

¥ i e English data for “Democratic
Translate-train: e TRIRE M ores), HELENOC), BRETNOC]... Republic of China”.
Ours: ERTRIRREENME 0, WEFELoq, BREREITLo]..
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