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Ok @ExamSoft support told me to “sit directly in front of a lighting

e such as a lamp.” I'm receiving the same issue preventing me from
completing the NY UBE mock exam. Facial recognition technology is
racist. @DiplomaPriv4All do y’all think | have “adequate lighting”?
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Dataset Dimensionality Size # Classes
MNIST [43] 28 x 28 60000 10
Purchase [49] 600 250000 2
SVHN [50] 32 x32x%x3 604833 10
CIFAR-100 [51] 32 x32x%x3 60000 100
Imagenet [44] 224 x 224 x 3 1281167 1000
Mini-Imagenet [48] 224 x 224 x 3 128545 100
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Dataset Model Architecture

MNIST [43] 2 conv. layers followed by 2 FC layers
Purchase [49] 2 FC layers

SVHN [50] Wide ResNet-1-1
CIFAR-100 [51] ResNet-50

Imagenet [44] ResNet-50
Mini-Imagenet [48] ResNet-50

- ISR
— ACC: EELE - THRBI RN HEiRZ
— Analytical Time: BEI&EERANHFENINTE]

17



ID] 2
Questionl: WIFARSENESIA, 5 HIERIEEERIN?

i, i — Bl &
g'f T4 :.2 —
e E——
-~ =
=i o 5
= = hd A
=NTY - 5
5 LY
- -
ELE i - AR .
_ 1% _ 1%
&4 —+— SISA B and | —— SI5A
' =
= A Hatch K = & Baich K
T 324 1Z4
: L] L) ¥ L] L] L L] L] L] L)
L h Ly |.'-" '|"'| | K q Iy Y 12 15 | &

Mumbher of Shards Mumber of Shards

(a) Imagenet dataset (b) Mini-Imagenet dataset

« LINESIR
- BEESRIBN, EERFNEE TE

. TSI

- TRYERPH,

TN AS TR T FETE Ol s

SoEN

18



SKIEiRiT InlRR_—

Questionz: TI:FZ:EVQQ%E{]EIUHEZK t]]h"il'l:&ﬁﬁ'ﬁﬁﬂsvﬂlﬁl’?

E— 1)

x?m- =) 937 . _,x’HNlJl[lh!:r
= e Number 3;‘; a4/ 7 ofSlices

& 60 - = of Slices | 2 / - L
t'l::l - - = — 1 = RS — 2
a 40 T T — 4 E a0 — 4
E —— 8 {Er — 8
07 - N “ L&
64 32

L] I I L] I I I ?“ I I L L] : I I I

1] 10 20 30 40 50 60 0 5 11 13 20 25 30

Epochs Epochs

(a) Accuracy vs. Number of epochs for SVHN dataset. (b) Accuracy vs. Number of epochs for Purchase dataset.
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1-class Unlearning  2-class Unlearning

} 9
Method Zero-shot’ D, 7 D; 1 D, T D; |
Original Model NA 84.05 87.49 84.18 84.72
Retrain Method NO 85.72 0 86.30 0
Bad Teacher [15] NO 83.71 5.56 84.11 7.81
Fisher [5] NO 7.61 0 8.57 0
Amnesiac [|4] NO 83.47 0 82.85 0
Min-Max (ours) YES 20.48 5.11 29.59 7.59
GKT (ours) YES 81.97 0 81.70 0
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