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Cross-feature fusion speech emotion recognition based on attention
mask residual network and Wav2vec 2.0
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Method Training set WA (%) UAR (%)
Chen et al. [36] (2018) clear 64.74
Chou et al. [37](2019) clear 6148
Pepino et al. [21](2021) clear 67.20
Lietal. [24](2022) clear 63.40

Yue at al. [23] (2022) clear 68.29

Pastor et al. [38] (2023) clear 65.90
AM-ResNet clear 67.35 65.56
AM-ResNet+W2V2+CA clear 68.36 67.75
Etienne et al. [26] (2018) clear+ambiguous 64.50

Ando et al. [27] (2018) clear+ambiguous 62.60 63.70
Chou et al. [37] (2019) clear+ambiguous 61.68
Upadhyay et al. [39] (2024) clear+ambiguous 63.92
AM-ResNet clear+ambiguous 67.50 66.56
AM-ResNet+W2V2+CA clear+ambiguous 70.79 72.27
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Happiness Neutral Anger Sadress
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Happiness

Anger 1

Fold Testing set ResNet M-ResNet AM-ResNet Sadness 1
UAR (%) WA (%) UAR (%) WA (%) UAR (%) WA (%)
1 Session1F 72.57 73.12 73.95 7527 72.19 73.12
Happiness
2 Session1M 68.53 66.25 69.93 68.97 71.22 69.81
3 Session2F 70.59 69.09 7441 7143 72.32 7143
4 Session2M 73.01 66.12 7231 63.79 74.05 68.69 Neutral {
5 Session3F 6434 68.78 64.87 66.25 69.33 71.31
6 Session3M 6438 63.31 63.94 67.11 64.20 63.88 .
7 SessiondF 63.48 73.80 62.17 68.45 64.85 74.06
8 Session4M 66.10 66.59 68.20 66.35 67.07 66.83
9 SessionSF 62.87 64.37 64.32 65.75 63.82 66.13 G
10 Session5M 59.71 63.59 6329 65.44 60.35 66.13

Average 66.56 67.50 67.74 67.88 67.90 68.87
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6

Temporal modeling matters: A novel temporal emotional modeling
approach for speech emotion recognition
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o EATIM-NetiEARBIHIES ERIFRM
sz = 1 v - VAN \ - \‘ 1 AL
— EARBSUESE L R Z=EERXIEH, A1 S o/
Model Year CASIA Model Year EMODB Model Year EMOVO
DT-SVM [12] 2019 85.08 / 85.08 TSP+INCA [2] 2021 89.47 1/ 90.09 RM+CNN [4] 2021 68.93 /68.93
TLFMREF [13] 2020 85.83 /85.83 GM-TCN** [14] 2022 90.48 /91.39 SVM [15] 2021 73.30/73.30
GM-TCN™** [14] 2022 90.17/90.17 LightSER** [16] 2022 04.15/94.21 TSP+INCA [2] 2021 79.08 / 79.08
CPAC* [17] 2022 92.75/92.775 CPAC*™ [17] 2022 04.22 /94.95 CPAC*™ [17] 2022 85.40/ 85.40
TIM-Net* 2023 91.08 / 91.08 TIM-Net* 2023 89.19/90.28 TIM-Net* 2023 86.56 / 86.56
TIM-Net™* 2023 04.67 / 94.67 TIM-Net™* 2023 95.17/795.70 TIM-Net™* 2023 02.00/92.00
Model Year IEMOCAP Model Year RAVDESS Model Year SAVEE
MHA+DRN [18] 2019 6740/ - CNN+INCA [3] 2021 - /85.00 | DCNN [19] 2020 - /8210
CNN+Bi1-GRU [9] 2020 71.72770.39 TSP+INCA [2] 2021 87.43 /87.43 TSP+INCA [2] 2021 83.38/84.79
SPU+MSCNN [11] 2021 68.40 / 66.60 GM-TCN** [14] 2022 87.64 /87.35 CPAC*™ [17] 2022 83.69/ 85.63
LightSER™ [16] 2022 70.76 /70.23 CPAC* [17] 2022 88.41/89.03 GM-TCN™ [14] 2022 83.88 / 86.02
TIM-Net* 2023 69.00 / 68.29 TIM-Net* 2023 90.04 / 90.07 TIM-Net* 2023 77.26 / 79.36
TIM-Net** 2023  72.50/71.65 | TIM-Net™™ 2023 91.93/92.08 | TIM-Net™ 2023  86.07/87.71
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