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DetectGPT: Zero-Shot Machine-Generated Text Detection using
Probability Curvature
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DeTeCtive: Detecting Al-generated Text via Multi-Level Contrastive
Learning
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Method M4-monolingual M4-multlingual TuringBench Deepfake
¢ AveRec F1 AveRec F1 AveRec F1 AveRec F1
RoBERTa 88.70 88.44 80.01 8444 | 9959 9929 | B7.30 8837
SCL (ICLR 2021) 91.92 091.21 86.27 B475 | 9946 9922 | 9059  89.83
Longformer (ACL 2024) 80.99 81.42 84.68 83.00 | 9940 9895 | 9053 89.76
T5-Sentinel (EMINLP 2023) | 84.01 81.08 76.21 6899 | 9939 9743 | 9349 9330
Binoculars (ICML 2024) 89.89 #9.89 80.63 8243 | 51.24 0.98 6496  T70.58
DeTeCTive (Ours) 98.44 98.38 9342 9305 | 99.74 9935 | 96.15 96.16
Detection Scenario | Testbed Type | Longformer GLTR DetectGPT FastText DeTeCtive (Ours)
Cross-domains & Cross-models 90.53 5542 60.48 78.80 96.15
In_distribution Cross-domains & Model-specific 96.10 T7.58 62.31 83.02 96.73
' Domain-specific & Cross-models 93.51 63.08 60.48 81.67 96.11
Domain-specific & Model-specific 96.60 87.45 86.37 94.54 99.77
L Unseen Models 86.61 57.49 62.31 68.61 02.19/93.03
Qut-of-distribution | vy ceen Domains 6840 5648 6048 63.54 82.60/89.63
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