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y Andrew Ng @ @AndrewYNg - 9h
&F ' This Sunday is my birthday! The best gift T to me would be if you can

watch this video and let me know what you think. youtube.com/watch?
v=06-AZX...

Lets you and | work to shift Al from Model-Centric toward Data-Centric Al
development, which will help many teams.

Mr. Krishna, IBM’s senior vice president of cloud and cognitive software, said

about 80% of the work with an Al project is collecting and preparing data.}Somz

companies aren’t prepared for the cost and work associated with that going in,
he added.
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CG_score: DATAVALUATION WITHOUT
TRAINING OF AMODEL
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